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AR Bl
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& L1 BT SO A F AR
75 BRI FRIESR I Acc mAcc mloU
1 FPN ResNet-50 95.81% 81.86% 74.51%
2 FPN ResNet-101 96.01% 83.39% 75.80%
3 PointRend ResNet-50 95.95% 84.05% 76.47%
4 PointRend ResNet-101 96.23% 85.70% 78.30%
5 DeeplabV3+ ResNet-50 96.44% 86.96% 80.08%
6 DeeplabV3+ ResNet-101 96.57% 87.86% 80.97%
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